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Abstract

We study the impact of group-based cognitive behavioral therapy (CBT) for in-
dividuals selected from the general population of poor households in rural Ghana
(N=7,227). Results from 1-3 months after the program show strong impacts on
mental and perceived physical health, cognitive and socioemotional skills, and eco-
nomic self-perceptions. These effects hold regardless of baseline mental distress.
We argue that this is because CBT can improve well-being for a general population
of poor individuals through two pathways: reducing vulnerability to deteriorating
mental health, and directly increasing cognitive capacity and socioemotional skills.
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1 Introduction

Spurred in part by the inclusion of mental health as a key sustainable development goal,
a growing “global mental health” movement argues for improved access to therapy (e.g.,
Patel and Prince 2010, Patel et al. 2018). How broad might the impact of this movement
be? We argue that increasing access to mental health therapy in low-income countries
should be seen as a core means of improving well-being and increasing socioemotional
skills and cognition in the general population, with relevance beyond treating those with
a diagnosable mental health condition.

We base this argument on the results of a large-scale randomized controlled trial
(N = 7,227, with 5,937 in control and 1,290 in treatment)® evaluating the impact of
untargeted, group-based, Cognitive Behavioral Therapy (CBT) in rural Ghana. Using
short-run endline data from 1-3 months after the intervention, we first show that ther-
apy led to meaningful average increases in mental health, perceived physical health,
socioemotional and cognitive skills, and perceived economic status. For example, those
in the treatment group report having good mental health 0.53 more days per month;
increase self-efficacy by 0.29 standard deviations; improve their score on a digit span test
(a measure of cognition) by 0.08 standard deviations; and perceive themselves to have
0.20 standard deviations higher economic status. Our cognitive skill measures are of
particular interest because they are less prone to experimenter demand effects. We then
show, perhaps surprisingly, that impacts on mental health, perceived physical health,
and socioemotional and cognitive skills are not limited to those identified as having men-
tal distress at baseline; treatment effects are positive and large for both those with and
without baseline distress.

These results indicate the program is relevant for a general population of low-income
individuals, not just those with diagnosed mental health issues. We identify two key
mechanisms for this result. First, we argue that low-income individuals are especially
vulnerable to deteriorating mental health, and therapy preemptively alleviates this vul-
nerability. Second, we argue that CBT has a direct effect on cognitive and socioemotional
skills even for those who do not or will not suffer from mental health difficulties.

Our argument that CBT alleviates vulnerability depends on a key contextual obser-
vation: there is a high degree of churn between distress states in our sample. Analyzing
just the control group, we find that 43% of those who report no mental distress at
baseline report mental distress at endline 5-8 months later; meanwhile, 33% of those
that report moderate to severe mental distress at baseline report no mental distress at
endline. These figures should be understood in the context of high levels of distress: at

baseline 55% have some form of psychological distress and 16% have severe psycholog-

IThese reflect the endline analysis sample size. We believe our study is among the largest randomized
evaluations of CBT ever conducted.



ical distress. While mental distress is undoubtedly measured with error, we have three
reasons to believe our results remain relevant. First, the Kessler Psychological Distress
Scale is a well-tested and widely used metric for psychological distress (Furukawa et al.
2003, Kessler et al. 2010). Second, we find strong decreases in distress, suggesting that
the measure does accurately capture some aspect of mental health. Third, even if the
observed churn is a by-product of measurement error, our results show that in this pop-
ulation it would be a mistake to target mental health treatments only to those identified
as distressed at baseline.

Our argument that CBT has a direct effect even for those who do not experience
mental health challenges draws on the concept of “bandwidth” defined by Mullainathan
and Shafir (2013) and Schilbach, Schofield and Mullainathan (2016), which these authors
characterize as an individual’s (i) cognitive capacity, and (ii) their ability to plan, allocate
attention, initiate and inhibit actions, and control impulses (measured in our data by
our cognitive and socioemotional skills indices, respectively). These authors argue that
being poor leads people to misallocate their mental resources toward short-term financial
problems, thus reducing bandwidth available for other tasks. We first review the theory
behind CBT and our particular curriculum, and argue that the theoretical mechanism
through which CBT is thought to operate suggests that it should engender a better
allocation of bandwidth across tasks, drawing a link between therapy and the behavioral
economics of scarcity. Second, we show that the CBT program had large impacts on
key measures of cognitive and socioemotional skills which should increase when available
bandwidth is increased. Specifically, we show a 0.27 standard deviation increase in a
socioemotional skills index including self-control, and a 0.08 standard deviation increase
in a cognitive skills index including measures such as digit span and Raven’s progressive
matrices.

Our work builds on several important literatures. Development economists have long
recognized vulnerability as a key part of poverty: being poor not only means having a
low income, but also facing frequent negative shocks that threaten to induce a state
of destitution (e.g., Morduch 1994, Ligon and Schechter 2003, Collins et al. 2009). A
related literature spanning both psychology and economics argues that poverty leads to
mental health difficulties (e.g., Lund et al. 2011, Ridley et al. 2020, Frasquilho et al.
2015, Kuhn, Lalive and Zweimiiller 2009). Chemin, De Laat and Haushofer (2013)
explicitly shows the negative mental health impact of a transitory exogenous economic
shock. Taken together, the twin claims of vulnerability to economic shocks and a causal
effect of shocks on mental health motivate our hypothesis that the poor are vulnerable
to mental health difficulties.

Second, several papers argue that poverty changes psychology and decision-making
beyond mental health. Banerjee and Mullainathan (2010) argues that poverty leads
people to give into temptation, Mullainathan and Shafir (2013), Shah et al. (2018)



and Schilbach, Schofield and Mullainathan (2016) argue that the poor spend signifi-
cant mental resources on short run financial problems, reducing bandwidth available for
other tasks, and Bessone et al. (2021) argues that the poor’s living environment directly
reduces mental resources. We contribute to this literature by arguing that CBT can
be conceptualized as a broad program to improve decision-making quality, helping in-
dividuals better allocate their mental resources. We also link this literature to a large
literature showing important economic returns to socioemotional, “non-cognitive” skills
(Heckman, Stixrud and Urzua 2006, Alan, Boneva and Ertac 2019, McKelway 2021).

Third, we contribute to a growing literature that studies the economic impacts of
therapy. Several papers study the impact of therapy on economics outcomes, but typi-
cally for a highly-selected groups of individuals. For example, Blattman, Jamison and
Sheridan (2017) studies the impact of therapy for ex-combatants in Liberia on earnings,
Heller et al. (2017) evaluates the impact of a CBT-type program for youth in high crime
schools on graduation rates, Baranov et al. (2020) studies the impact of therapy for
recent mothers suffering from prenatal depression on financial empowerment and invest-
ment in children, and Patel et al. (2017) measures the impact of therapy on the days an
individual is unable to work. Lund et al. (2020) provides an important meta-analysis of
this linkage.

Finally, while CBT programs predominantly target specific populations typically
diagnosed with mental health issues, exceptions do exist. For example, Howell et al.
(2019) studies therapy for medical students, Bolton et al. (2007) evaluates a program for
refugee camp residents, and Kew et al. (2016) studies therapy for a population recently
diagnosed with asthma. In each case, the targeted individuals are predicted to have
a higher chance of mental health distress because of some specific life situation. Our
study builds on this targeting approach by studying the impact of CBT in a general
population of the poor in rural Ghana; we posit this as an important step for testing
the broader relevance of CBT.

Our study is most similar to the contemporaneous work of Haushofer, Mudida and
Shapiro (2020). Similar to us, these authors study a psychotherapy program delivered
to a general population in a low income country, Kenya.? Their results differ markedly
from ours. They find no statistically significant impact of CBT on mental health or
economic outcomes measured 13 months after the program. They propose that their
program is unsuccessful precisely because it does not target a population with a specific
difficulty. While many of the design elements of our two studies are similar (both targeted
low-income households using a poverty proxy rather than poor mental health, both
involve a CBT-inspired program, and both were delivered by lay counselors), the two

substantively differ in both the intensity of treatment and measurement time frame.

2 Appendix Table 1 compares the two studies.



Our program consisted of 12 weekly 90-minute sessions, whereas the Kenya study was
5 weekly 90-minute sessions. Our results are very short-run, measured on average two
months after the end of the therapy; their surveys took place, on average, 13 months
later.® If time frame explains the difference then this poses an important challenge: how
can programs maintain impacts? It could be that therapy “booster sessions” may be
cost-effective. Nevertheless there is reason to hope that fading impacts are not inevitable.
Baranov et al. (2020) finds CBT impacts persist for at least seven years. We will continue
to measure impact, and thus future work will illuminate whether or not our observed

impacts fade.

2 Intervention

2.1 Cognitive Behavioral Therapy

CBT is a widely used and widely studied approach to the treatment of multiple men-
tal health conditions. CBT is designed on the premise that individuals have automatic
responses to stimuli and that these responses are sometimes subject to “cognitive dis-
tortions.” These distortions in turn lead to the misinterpretation of stimuli, affecting
the way people view themselves, others, and the future (Beck 1979). CBT encourages
individuals to recognize their automatic responses and question their thought distortions.

The conceptual framework for CBT gives a clear sense of why the poor might be
at both greater risk of mental health difficulties and vulnerable to deteriorating mental
health. Those who find themselves in a steady state of poverty are constantly presented
with negative stimuli, raising significant scope for distortion. For example, an individ-
ual born into a poor family may misinterpret their low income as evidence of low levels
of talent, leading to mental distress. The poor also face many idiosyncratic shocks in
their lives, and there is significant scope for distortions to lead to misinterpretation. An
individual who experiences a bad harvest due to insufficient rainfall might, for example,
conclude that “my efforts never pay off.”* A similar perspective is present in “diathesis-
stress” models in the psychology literature, which argue that psychopathology arises

3Haushofer, Mudida and Shapiro (2020) argues that their null results are unlikely to be due to fading
impacts because they fail to detect effects for a sub-sample surveyed 7 months after the end of their
program. Our even shorter-run outcomes are perhaps the key to our positive findings. An alternative
explanation may be that our population is poorer and faces more vulnerability to distress. The countries
are similar in per capita income (USD$4,993 in purchasing power parity terms in Ghana, USD$4,204 in
Kenya), and in both implementations poor households were targeted. However, the study in Kenya took
place in Nakuru Country, the 2nd-wealthiest county (of 47), whereas our study took place in regions of
Ghana with rates of poverty above the national average.

4De Quidt and Haushofer (2016) argues for a negative impact of poverty and shocks on mental health
even in the absence of the thought distortions that are a mainstay of the therapy literature.



from the interaction between a biological predisposition (diathesis) and stress in the
environment, in our case poverty.®. These observations are at the core of our interpreta-
tion that CBT may be appropriate for many of the world’s poor: large numbers of the
world’s poor are likely to suffer from poor mental health, and even those who are not
currently suffering are vulnerable to deteriorating mental health.

The CBT framework also provides an alternative way to conceptualize the mech-
anisms that Mullainathan and Shafir (2013) conjectures drive the negative effects of
scarcity and trap the poor in poverty. Key to their claim that scarcity leads to negative
outcomes is the notion that responses to scarcity, e.g. “tunneling,” or rumination on
short-term needs, are a misallocation of mental resources.® One way to understand this
scarcity-induced misallocation is as an automatic, distorted, response to financial stress.
This observation opens the door to think of CBT’s focus on automatic thoughts, and
explicitly evaluating their accuracy, as a way to learn to avoid the negative outcomes
of scarcity and in particular the resulting decrease in mental bandwidth available for
important tasks. Indeed, several of the key lessons of the CBT curriculum we use, and
CBT in general, address bandwidth draining behaviors. For example, our CBT pro-
gram manual devotes time to discussing the dangers of: “mental filtering” or dwelling
on specific issues; “catastrophising” or over-emphasizing small problems; and “should
statements” which require an individual to reach the correct outcome for all problems
suggesting corner solutions to effort allocation. Thus, CBT might plausibly be useful in
guiding the automatic response of individuals exposed to stressors on a regular basis,
regardless of their current mental health status.

The potential of CBT as a general method to improve well-being is further aided by
the fact that group-based CBT is usually delivered using a strictly-controlled manual,
allowing CBT to be moved out of a clinical setting. Recent research has demonstrated
the ability of lay counselors to deliver CBT to individuals in several low-income countries
when targeted at groups with existing mental disorders, such as depressive and anxiety
disorders (Patel et al. 2010, Dias et al. 2019), perinatal depression (Rahman et al. 2008),
or post-traumatic stress disorder (Smith et al. 2007).

2.2 Counselor Characteristics and Training

We study a CBT curriculum designed by one of us (Ofori-Atta) and intended to be
implemented by recent college graduates with a degree in psychology or a related field
and requiring no further qualifications nor training. The program was designed to ulti-
mately be integrated with Ghana’s National Service Scheme (NSS). The NSS mandates

5See, e.g., Colodro-Conde et al. 2018, Ingram and Luxton 2005, and Arnau-Soler et al. 2019
6Similarly, a large research in psychology emphasizes that mental illness captures attention in an
unproductive way; see e.g. Gotlib and Joormann 2010.



recent college graduates work for one year in public service, and in conjunction with
Psych Corps Ghana (a program run through The University of Ghana Medical School),
recent college graduates with backgrounds in psychology are posted to district hospitals
throughout the country (Ofori-Atta, Ketor and Bradley 2014).

The research nonprofit organization Innovations for Poverty Action (IPA) recruited
37 staff to deliver the program. Half served as lead counselors, the other half as assistant
counselors. All staff had at least a bachelor’s degree (one had an advanced degree), their
most common majors were psychology (65%), another health related-field (13%), and
development studies or social work (13%). The median counsellor member received their
tertiary degree two years (mean 2.76 years) prior to being hired.

All counsellors received two weeks of classroom training, and performed one week of
piloting. Additionally, at the end of each week, all counselors in a given district met
with a lead counselor, who debriefed them on the previous week’s activities and helped

them prepare for the coming week.

2.3 Curriculum and Program Delivery

The CBT program consisted of 12 weekly 90-minute sessions, delivered to a group of
10, and took place in the community where people lived. The 12 sessions covered four
modules: (1) Healthy thinking, including identifying and challenging thought distor-
tions, (2) Solving problems at home and at work, (3) Managing relationships, including
communication, self-esteem, being good to yourself and others, and (4) Goal-setting and
goal-directed behavior. Sessions included a combination of the counselors and assistant
counselors introducing the material, having individuals discuss hypothetical scenarios as
a group and in pairs, and thinking about how they could apply the lessons they learned
to their own lives. As with most CBT interventions, counsellors assigned homework
tasks after each session and reviewed these in the next session. The full CBT Manual is
available on the authors’ websites.”

3 Research Design

3.1 Sample Selection, Randomization and Participation Rates

The population we study is composed of households in the 40 poorest compounds® from

258 eligible’ rural communities in 14 districts across two ecological zones (the “Northern

TAlso at https://bit.ly/BBKOAU-CBT

8 A compound is one or more households living in separate dwellings within a single structure.

9To identify the eligible communities, District Assembly staff identified 366 rural communities in
which their records suggested at least 50 compounds were present. We applied two further inclusion



belt” and “Middle belt”) in Ghana.'® Figure 1 shows the construction of the sample,
and assignment to treatment. The 258 eligible communities were randomly assigned to
treatment (161 communities) or control (97 communities) groups. In each of the control
communities, 17 of the 40 households were randomly selected into our sample. In the
treatment communities either all 40, or a randomly selected 20, of the households were
selected into our sample depending upon the community’s randomized status for planned
(but not announced) future interventions (see footnote 9).

After a baseline survey (details below), we randomly assigned the treatment com-
munities to either “Female CBT” (83 communities) or “Male CBT” (78 communities)
groups. In each of the Male or Female CBT communities, 10 households were randomly
chosen to receive CBT; the remainder were kept as control households. In those house-
holds assigned to “Male CBT” the male household head received the offer of CBT, in
“Female CBT” households it was the female household head or spouse of the household
head. For budgetary reasons, we excluded a randomly selected subset of our control
group sample from the endline sample frame.

Appendix A provides further details on the sample selection, community criteria,
and randomization procedures.

Take-up of the program was high: 90% of individuals offered CBT attended at least
one session. The average attendance was 74% among the full sample, and 83% for those
who ever attended a session.

3.2 Sample Characteristics and Attrition

Our baseline survey contained a household survey measuring consumption, assets and
wealth, income, and other household characteristics. Several household survey variables
are reported in Table 1. Our sample population is poor and agrarian. Roughly half of
males and 40% of women have attended any primary school. Half of the households
practice open defecation, and in the past year adults in almost one third of households
went for at least a day without food because of lack of resources. Almost all households

criteria: the community was accessible by road, and did not have an existing “graduation” program
involving a productive asset transfer. The second criteria was motivated by the objective of a planned
subsequent study comparing the impact of several interventions, including a cash transfer and a gradu-
ation program implemented by Heifer International, similar to those reported in Banerjee et al. (2015).
This CBT study in its entirety (i.e., the intervention and the endline data collection) were completed
prior to the announcement (and start) of the the planned follow-on study; thus, we evaluate and report
on the results of the CBT without needing to consider the later, randomly assigned interventions.

10TPA administered a census in each of the 258 communities, and verified that each community
contained at least 45 compounds. In each community, we selected the 40 compounds with the lowest
average household proxy means test score, and for each compound, randomly chose one household to
include in our eligible population. We worked with one household per compound because of concerns
about within-compound spillovers.



have a farm, with about five acres of land. Nearly half of the households raise goats,
sheep or pigs, and almost 60% have poultry. 40% of the households have at least one
non-farm enterprise, but only 5-6% have a member with formal employment.

We conducted the endline survey one to three months after the intervention; 13% of
our sample attrited between baseline and endline. Appendix Table 3 reports the overall
differential attrition rate and also tests for differential attrition by baseline demographic,
economic and mental health characteristics. We see no evidence of differential attrition
by treatment status.

3.3 Outcome Data

Both baseline and endline surveys contained two “adult” surveys, administered to the
household head and their spouse.!* 12 We include the responses of both adults in control
households; in households where an individual received CBT, we only include treated
individuals.'?

We report outcomes across five broad categories: perceived mental health; perceived
physical health; socioemotional skills; cognitive skills; and economic self-perceptions.
For each category we report indices created as per Kling, Liebman and Katz (2007), as
well as treatment effects for each sub-component. Our mental health index is created
from three measures, the Kessler Psychological Distress K10 Scale (Kessler et al. 2002)
(“Kessler Score”), a self rating of mental health taken from the Behavioral Risk Factor
Surveillance Survey (BRFSS),'* and a self-report of days in the month without poor
mental health. We use the Kessler Score from our baseline survey as the main measure
of baseline mental health. Our physical health index is created from the BRFSS self-
rating of physical health, a self report of the number of days without poor physical
health, and a self report of work days missed last month due to poor health.!'® This
last question could be added to either the mental or physical health index, and our
decision to allocate it to physical health is somewhat arbitrary. It is important to note
that mental health improvements may lead to perceived changes in physical health and
hence improvements in self-reported physical health.

Our index of non-cognitive or socioemotional skills has three sub-indices: generalized

self-efficacy: a measure of optimistic self-belief (Schwarzer, Jerusalem and others 1995);

HFor polygynous households, we randomly selected one wife for both the survey and CBT treatment
offer.

12WWe did not administer a household survey at endline.

13That is, we exclude from our analysis spouses of individuals who received CBT, rather than code
them as “treated” or “control.”

The question is “In general, would you say your mental health is: excellent, very good, good, fair
or poor?”

15The BRFSS question is “In general, how would you rate your health?”



grit: a measure of passion for and perseverance with long-term goals (Duckworth and
Quinn 2009); and self reported self-control (Tangney, Baumeister and Boone 2004). Four
measures comprise our index of cognitive skills: performance on Raven’s Progressive
Matrices (Raven 1941); a forward digit span test; a backwards digit span test; and
a Stroop-like test of executive function (adjusted here for a population with limited
literacy; Stroop 1935).

Finally, our economic self-perceptions index is composed of two measures: self-
reported economic status today; and expected status in five years (both reported using
Cantril’s ladder) (Kilpatrick and Cantril 1960).

As in any evaluation that uses self-reported data, we are concerned about experi-
menter demand effects. We believe the cognitive skill measures are of particular interest
because they are not strictly self-reported. Scoring higher in a Raven’s, digit span, or
Stroop test requires an actual improvement in performance. The only route through
which demand effects might influence the results is if those in the treatment are inspired
to put more effort into the tasks in response to perceived experimenter demands. Previ-
ous work also suggests that our mental health measures have some resilience to demand
effects. A literature in psychology studies demand effects for depression-related measures
and has found minimal evidence of such effects for the Patient Health Questionnaire-9
and Center for Epidemiological Studies-Depression measures (Beard et al. 2016, McMil-
lan, Gilbody and Richards 2010). These measures are similar to the Kessler Score that
we use. This literature compares survey responses among individuals receiving therapy
to structured clinical interviews (considered the gold standard in diagnosing depression).
The studies find high agreement between interview and survey-based measures, both in
terms of levels and improvements. While encouraging, this literature has not considered
the question of whether the correlation between the two measures differs by treatment
status.

4 Results

4.1 Prevalence and Transition Rates of Psychological Distress

We first show that the poor are vulnerable to psychological distress. Table 2 reports
the incidence of psychological distress (measured by the Kessler Score) and transition
probabilities into and out of states of psychological distress over the span of 5-8 months
in our study sample (Panel A), and over four years in a similar population from the
Ghana Socioeconomic Panel Survey (Panel B). Despite not sampling based on existing
mental health, the rate of psychological distress is high, with 55% reporting symptoms
associated with some degree of psychological distress (compared to 58% in the general
population in the same geographic regions, Panel B). To compare, in the United States,

10



the 2007 Behavioral Risk Factor Surveillance Survey (BRFSS) documents only 13% with
any level of psychological distress (Dhingra et al. 2011).

Our assertion that CBT is applicable as a mental health intervention for individu-
als not currently experiencing mental illness depends in part on the observation that
low-income individuals diagnosed as “well” at a given point in time are nonetheless at
elevated risk for subsequent transitions into psychological distress. The high degree of
churn into and out of psychological distress shown in Table 2 supports this view. Among
individuals observed to have no psychological distress at baseline, 43% have some form of
distress at endline; 10% have severe psychological distress. In fact, of the 16.2% of indi-
viduals whose symptoms suggest severe psychological distress at endline, a roughly equal
number come from individuals whose baseline responses indicate no distress as those with
responses indicating severe psychological distress (0.45 well at baseline * 0.10= 0.045;
0.16 with severe psychological distress at baseline * 0.26=0.043). Our results suggest a
mental health program restricted to individuals with existing psychological distress may

miss a large number of at-risk, or vulnerable, individuals.

4.2 Average Treatment Effects and Effects by Baseline Distress

Our impact estimates are based on comparing all those randomly assigned to receive
CBT to all those randomly assigned to control. That is, our control group consists of
both households in CBT treatment communities that were randomly allocated to the
control condition and also households in control communities.!®

Our main results, reported in Tables 3 and 4, show impacts of CBT on mental and
perceived physical health, cognitive and socioemotional skills (indicative of an increase
in available bandwidth) and economic self-perceptions. We estimate average treatment

effects in column (2) using the specification
Yivt = & + 1 - OBTiwt + Ba - Yiwo + Xivtll + €0t (1)

where y;,; is an outcome variable for individual ¢ in village v at time period t, C' BT}, is
an indicator variable for being offered the CBT program, 1,0 is the outcome of interest
at baseline,!” and Xj,; are the variables used in the re-randomization procedure (listed
in Appendix Table 2).

Columns (3) to (5) present heterogeneous treatment effects and tests for equality by

16We find qualitatively similar results when applying a more restrictive control group definition,
reported in Appendix Tables 8-12, as evidence of spillovers are small and generally not statistically
significant.

I"When baseline measures are missing they are coded as 0 with an indicator variable for “missing
baseline value”

11



baseline psychological distress.'® These estimates come from a regression of the form

Yivt = 401 - C BTy - distressed; o+
By - C BT, - not distressed;,o+
Bs - distressediyo + By - Yivo + Xivell + €z (2)

Given the multi-stage nature of our randomization, we use randomization inference to
test our null hypotheses of (i) no treatment effect and (ii) no heterogeneity of treatment
effects by baseline distress and gender.!® Specifically, for each of the randomizations
we initially performed to determine an individual’s final treatment status (community-
level randomization, gender of CBT recipients in a community, individual’s assignment)
we replicate our initial procedure, and using the same re-randomization selection pro-
cess, assign placebo treatments. Following this placebo assignment, we test for average
treatment effects and heterogeneity of the (placebo) treatment by baseline distress (and
gender, in our appendix). We perform this procedure 2,000 times (following the practice
laid out by Young 2019) and compare the distribution of coefficients (and differences
in coefficients for measures of heterogeneity) from these placebo assignments to our co-
efficients from our true treatment status. Our “RI p-values” report the results of this
procedure.?? Our analysis strategy was not pre-registered.

Table 3 reports effects of the CBT intervention on mental and perceived physical
health outcomes. We find that CBT leads to large improvements in both domains.
We estimate a statistically significant 0.15 standard deviation improvement in our men-
tal health summary index. Breaking this down, individuals receiving CBT have lower
Kessler Scores, are 10% (6pp, p-val=0.004) less likely to have any psychological dis-
tress, 21% (6pp, p-val=0.001) less likely to have moderate psychological distress, and
24% (4pp, p-val=0.010) less likely to have severe psychological distress. Individuals also
report an 11% reduction in the number of days with poor mental health (0.53 days,
p-val=0.097) and an improvement in the BRFS self-report on mental health.

We also estimate a 0.13 standard deviation (p-val=0.000) improvement in the index
of perceived physical health and its effects on labor. This can be broken down into a a
20% reduction in the number of days with poor physical health (0.89 days, p-val=0.001)
a 4% improvement in the BRF'S physical health self-rating, and 1/3 of an additional day
of labor and normal activity per month. This latter effect is reasonably large, but not

18We test for heterogeneity using a binary indicator of any psychological distress to maximize our
statistical power to detect such an effect. We similarly do not see evidence of heterogeneity when using
our continuous measure of baseline Kessler Score, reported in Appendix Tables 4 and 5.

19Results are extremely similar when we instead cluster at the village level, reported in Panel A of

Appendix Tables 8-12
20This procedure is described in greater depth in Appendix B.
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statistically significant.?! Again, we note that while many of these measures (notably
the BRFSS measures) have been found to correlate with real-world health outcomes??,
our physical health outcomes are not objective health measures.

We find that the program was effective in improving mental and self-reported physical
health for both distressed and non-distressed individuals. For each of the outcomes
reported in Table 3, comparing treatment effects on those identified as distressed versus
non-distressed at baseline, we are not able to reject equality of treatment effects at
the 10% level (column 5); in two cases the estimates approach statistical significance
(p-vals=0.11, 0.17), but even in these two cases the treatment effect is larger among
individuals scored as “well” at baseline. Perhaps more importantly, we consistently
reject the null that there are no impacts of CBT on mental and physical health outcomes
for both sub-groups (8 of 11 outcomes both for those distressed and not distressed at
baseline). This is consistent with the idea that some not distressed went on to become
distressed (or would have) and hence CBT was valuable for them, and also that some
distressed individuals would have recovered regardless of the intervention.

Table 4 tests our hypothesis that CBT can improve the allocation of bandwidth,
and hence the socioemotional skills of low-income individuals. Panel A shows that the
treatment led to a 0.27 standard deviation improvement in our index of socioemotional
skills. The CBT program led to improvements in all three sub-measures: generalized self-
efficacy; grit; and self-control. In Panel B, we see a modest but statistically significant
0.08 standard deviation increase in the cognition index. This smaller effect is consistent
with the perceived wisdom that cognitive skills are harder to move in a sample of adults.
We observe statistically significant positive treatment effects on two sub-measures of
cognitive performance: the forward and backwards digit span tests. We are unable to
reject the null of no impact on Raven’s Progressive Matrices or a Stroop test. Once again
we find that CBT led to improvements on these measures both for individuals with and
without baseline distress. We also see little evidence of heterogeneity by gender.

Panel C shows effects on economic self-perceptions. We find a statistically significant
0.20 standard deviation improvement in perceived economic status. Breaking this down,
two mechanisms through which depression has been hypothesized to affect economic
productivity are through increasing the psychic cost of effort, and through distorted
(negative) thoughts about the future. We find evidence of improvements in the second
domain, but are unable to reject the null of no improvements in labor supply as a result
of the program. In particular, individuals report expecting to be 0.36 (p-val=0.000)

21This likely reflects the fact that measure has relatively high “leverage” in our randomization infer-
ence, with many 0Os, and some 30s).

228ee for example Case and Deaton (2020) or Idler and Benyamini (1997), the latter of which docu-
ments that health self-report questions predict mortality in twenty-seven countries even after controlling
for objective health measures.
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points higher on a ten-point Cantril’s economic ladder in five years time. On average,
individuals report 0.37 fewer days in which poor mental or physical health kept them
from engaging in their regular activities (Table 3, Panel B), including work and self-care,
but this result is not statistically significant in our randomization inference procedure
(p-val=0.140). There is some evidence here that impacts are concentrated among the
sub-sample with psychological distress at baseline. For example, on our measure of
days in which poor health kept individuals from engaging in their regular activities, we
observe a treatment effect of 0.47 days (p-val=0.101) for those with distress, and -0.003
(p-val=0.995) for those without, although this difference is not statistically significant
at conventional levels. For none of these outcomes are we able to reject the null of equal
treatment effects, but our summary index’s treatment effects are concentrated among
individuals with psychological distress at baseline. Again, there is little to suggest
heterogeneity by gender.

Appendix Tables 6 and 7 repeat the above analysis, testing for heterogeneity by
gender.??. We are uniformly unable to reject the hypothesis that treatment effects are
the same for men and women.?* Moreover, for both genders, we are able to reject the
null of no treatment effects for both the mental health and perceived physical health

indices, suggesting the effects are not concentrated among either gender.

5 Conclusion

We find that a Cognitive Behavioral Therapy program, delivered by non-specialist
providers in a low-income population in Ghana, reduces psychological distress, improves
self-reported mental and physical health, increases cognitive and socioemotional skills,
and improves short-term self-perception of economic status. We argued that the results,
albeit measured at a short-time horizon of 1-3 months post-intervention, are suggestive
of a bipartite expansion of the domain of applicability for CBT: the poor are vulnerable
to mental health problems and CBT can successfully inoculate a broad proportion of the
population against the possibility of future mental health problems; and the poor can
generally benefit from CBT whether they have mental health problems or not, because
CBT improves bandwidth allocation and hence increases socioemotional and cognitive
skills.

Our results also corroborate previous work (e.g. Singla et al. 2017) showing that
therapy can be delivered successfully by non-specialist providers in low-income countries.
We show this pattern holds in a large sample when delivered via a group program to a
general low-income population, rather than targeted at a specific form of mental illness.

2We use the same specification as in Equation 2 (i.e., with gender in place of distress level)
24Rates of baseline distress for men and women are 43 and 47%, respectively.
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We suggest further research to determine whether impacts persist in the long run,
and if impacts fade, what strategies may prevent fading. Furthermore, we suggest that
further work aim to understand how such programs may (or may not) produce com-
plementarities if implemented along-side economics-focused programs. Lastly, although
this was implemented at scale, we suggest further operational work could prove impor-
tant for establishing operational guidance for training and implementing at scale and in
other contexts.
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Figures

Figure 1: Experimental Design
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Tables

Table 1: Baseline Summary Statistics

Treatment p-value: test
Control Mean  treatment
Mean -
coefficient = 0
() @) @)
A. Male Respondent Characteristics
Age 43.07 42.99 [0.663]
Married 0.90 0.93 [0.580]
Polygynous 0.17 0.18 [0.908]
Ever attended school 0.50 0.46 [0.386]
Experiencing mild, moderate or severe distress 0.49 0.53 [0.123]
30 - Days in last month in which poor physical or mental
health prevented work or regular activities 26.83 26.86 [0.882]
Observations 709 3822
B. Female Respondent Characteristics
Age 38.38 39.31 [0.075]
Married 0.75 0.75 [0.096]
Ever attended school 0.40 0.40 [0.797]
Experiencing mild, moderate or severe distress 0.58 0.57 [0.599]
30 - Days in last month in which poor physical or mental 26.69 26.93 [0.456]
Observations 782 5249
C. Household-Level Characteristics
Household size 7.69 7.55 [0.371]
Number of children under age 5 1.53 1.47 [0.525]
Household walls made of mud 0.73 0.75 [0.116]
Household connected to electric grid 0.45 0.43 [0.512]
Household practices open defectation 0.54 0.53 [0.751]
Any adults skipped meals last year 0.50 0.53 [0.631]
Any adults went whole day without food last year 0.29 0.29 [0.551]
Household has agricultural plot 0.89 0.88 [0.154]
Acres owned 5.15 5.06 [0.331]
Household has non-farm enterprise 0.42 0.41 [0.488]
Any household member worked for agricultural wage 0.08 0.08 [0.775]
Any household member works in formal employment 0.06 0.05 [0.017]
Household has cattle 0.09 0.09 [0.285]
Household has goats / sheep / pigs 0.48 0.47 [0.066]
Household has poultry 0.61 0.59 [0.340]
Household has any financial savings 0.40 0.39 [0.964]
Observations 1570 5760

Columns 1 and 2 report means of the Treatment and Control individuals/households. Panels A and B report comparisons for men and
women, respectively randomized to either receive CBT, or to receive nothing. Panel C reports comparisons at the household level.
Column 3 presents p-values from the test that the treatment coefficient is equal to 0 in a regression comparing the groups. This
regression is estimated with equation 1 in the main text (without controls for the baseline characteristics, given that baseline
characteristics are what we are comparing). P-values are calculated via randomization inference, in which we re-run our full
randomization procedure to assign placebo treatments, and compare our true estimates to the placebo distribution of estimates; the full
procedure is described in Appendix B. We surveyed heads of households and spouses for the adult survey; observations in Panel C are
not equal to the sum of Panels A and B for three reasons: first, some (but not all) households had both a male and female adult. Second,
in this comparison, we are not including spouses of individuals receiving CBT (given that they are neither cleanly "treated" or “control").
Third, while a household needed to be surveyed to be included in the study, the relevant adult being present was not a prerequisite. We
are thus missing some adults in Panels A and B who were none-the-less randomized to receive the program.

23



70 (yareay euaw panoadwi) jeuobelp mojaq aseys
8€0 (yareay eruaw ui abueyd ou) jeuoberp e aleys
/T0 (yyeay JeBW pauasiom) [euoheip anoge areys
€00 070 120 990 €102 U1 1eys (3)
%00T 700 0] €20 090 170 (00€=N) Ssa.1sIp [EIUW 600 D49A3S (p)
%00T 700 ZTo SZ0 650 LT0 (T9P=N) ssa.1sIp [21usW 00T 81e49POIA (2)
%00T €00 07’0 44 S9°0 0€0 (228=N) ssaaisIp [euaw 6002 PIIN (4)
%00T €00 800 6T°0 0.0 ¢ro (6ST'T=N) Ssa.isIp [eauaw 600z ON (e)
[e0l (06=N) ssansiq (892=N) (589=N) (66L'T=N) 6002 aJeys $sa.1S1Q [IUSINI 600Z 40 [9N9T
[eIUBIN 9J8ABS  SSB.ISIQ [BIUBIA ssansig SsansIp
dJelapoN [eJUBIAI PITIN [eJUBIN ON
(9 ) ) (e (@ m
$sa.1s1 [eJUsIN €T0C
sjende) jeuoibay-uou ‘suoibay nueysy ‘ofeyy Buoag 1se3 Jaddn ‘ulsyrioN ‘A3AINS [aued J1WIOU0ITF-0190S BURYSD ‘XIIJRA UonIsuel] g [sued
T€0 (yyreay jewaw panoadwi) feuohelp mojaq ateys
8¢0 (yareay eruaw ui abueyd ou) feuoberp Je aleys
€0 (yareay [eruaw paussiom) jeuobelp anoge ateys
9T'0 9T'0 220 90 aul|pua 1e aieys (s)
%00T 920 020 €20 T€0 91’0 (TT6=N) SsansIp [eIuaW duljaseq a1anss (p)
%00T 2e0 870 20 920 ST0 (€98=N) ssa.1sIp [eIuaW duljaseq a1esopolAl (9)
%00T LT°0 LT0 ¥2'0 4740] ¥20 (60€'T=N) ssa.isIp [e3uaw auljased plIA (q)
%00T 07’0 vT°0 6T°0 LS0 S7'0 (981'2=N) Ssa.sIp [ejus autjaseq oN (&)
[eyoL (¥06=N) (268=N) (T12'1=N) (295'2=N) aul|aseq Je areys dnou9 |0uod ‘ssausi [eIUsAl duljased JO [9AaT]
ssansia ssansiq [eIusIAl ssansia SsasIp
[IUBIA 2J9N3S d1eJapoN [eIUBIN PIIIAN [elUsIN ON
(9 (9) ) (€) @ (1)

ssansIq [BIUSIA Buljpul

dnoJo j04ju0D 10} XLITe\ UonIsuel] 1Y [aued

$S841S1Q [RIUSIA JO S31RY UOIIISURI| pue 99usplou] :Z a|qe.l

24



*g X1puaddy U paqLIasap s 81npadoid Ny dY} ‘SSYRWISA JO UORNGLISIP

0a2e|d aU} 0} SYRWIIS3 AN} N0 3sedwod pue ‘sjuawleal) 0gaaeld UBISSe 0} 2INPaJ0Id UONEZILIOPUEI [INY INO UNI-31 3M UDIYM U ‘3USI3JUI UOIEZILIOPUEI BIA PaJeINd[ed Ik (G pue ‘& '€ ‘g suwnjod 4o yoea ur) sanjea-d || fenba
ale i PUE € SULUNJ0D Ul SJUSIDL}J0I ) Jey) 158) AU oy anfen-d ay) spodai G UWNjoD “IX8) urew ay) ut g uonenba ut ‘AjaAndadsal 'z e1eg pue T elag S)UaIoLYa09 ‘auljaseq e ssaisip [ea1060joydksd pey [enpiAipul ay} Jaylaym yum

pajoesaiul weiBoid 1 gD sy ojul paziwopues Bulaq 4o SuondeISIUL pUB ssansIp [edlBojoyaksd auijaseq 10y sa|qeLeA AWWN B 9pN|aUl YOIUM ‘SUOIBAISSAO /8/'9 PUB £/ USBMIB] UM UOLEDL

ads 9|BuIS B Woly dJe -¢ suwnjod

10} MOJ U083 ‘SUOIIEAIBSGO / 22"/ PUE 6,1/ UBBANIA SUIEIUI0D UOISsaiBa) Yoes ‘Ixa) UTew aup Ui T Uonenba Ui T Bjog U91013j900 ‘10342 1UaLLIERI) 1831 | 0) LORUaU] oL BUrTewse Lonealyioads a|BUIS € Woly I Z ULNJoD Ul 1120 4Jes

[20%70] [s66°0] [tot0l [o9T°0]
€00°0- 6970 77e°0 0692
[995°0] [9s0°0] [9g0°0] [to0°0]
1T 0.0 680 19'62
[00s°0] [oT0°0] [¥00°0] [000°0]
vT°0 010 FAN0) v0'€
[e28°0] [s90°0] [¥00°0] [0000]
€10 110 €10 000
[691°0] [zs0°0] [zzs:0] [260°0]
0zT €20 €50 AN T4
[zoz°0] [zvvol [0z0°0] [zs0-0]
500 100 100 8T
[901°0] [6T0°0] [ezz0] [oto0l
100 200 00 680
[e09°0] [tv0°0] [ot0°0] [to00l
100 500 900 690
[v26°0] [ovT0] [¥e0-0] [#00°0]
500 500 900 S0
[ezvol [900°0] [z00°0] [0000]
19'T- 80'T- 9e'T- 12
[s8g0] [600°0] [800°0] [000°0]
8T°0 2T ST'0 000
(9) ) (e) (@] M
(+0z
. =€ AON > ‘_m_mmmv_v ssaasIa B_mmmv_v ssalisi@ auljaseg w_QEmm 1In4
ssaulsIg auljaseg Aq 10843 auljsseg oN ; . ues|n
. 819/9S 10 d)RIBPOIA “IOUIA  ‘199)4T Juswieal] abelany
JusLIeal] snousbowoH 109))3 Wwawieal | abelany | 1013Uu0D
4591 Wolj ms_m>.Q a0 109}J3 1uswijeal | womhw>< 190

1490

ssa.1s1Q [ewua auljaseg Aq AllsuaboisleH

108443 Wwiawieal | abelany

anjea-d |y
S3IIAIIOE [eWIOU J0 Joge| paywi] yieay [eaisAyd
J0 [eyusw Jood yaIym ur yuow ui sAep snuiw g
anjea-d |y
Yreay earsAyd Jood yyum yiuow ui sAep snuiw og
anjea-d 1y
(/1) Buney-y18s ynesH [ea1sAyd
anjea-d |y
Xapu| J0ge] pue yieaH [ealsAyd panlsdad
Joqe
U0 $199)33 pue YieaH [ed1sAyd panlsalad g [sued

anjea-d 1y
Yfeay [eausw Jood yym yuow Ui sAep snuiw og
anjea-d 1y
(/1) Buney 43S YiEaH [N
anjea-d |y
(0g> 181559M) SSBAISIP 819ASS ON
anjea-d 1y
(S > 191SSa)1) SS.ISIP B13ASS JO S)eIdPOW ON
anjea-d |y
(02 > 1815S8)1) SS8.ISIP ON
anjea-d |y
81098 J9]SSa
anjen-d 1y
Xapu| YijesH [elusin
SAWO02INQO YIeaH [eIUSIA 1V [aued

S3WO02INO UYlesH - $109443 Juswireal ] 19D € dlqel

25



*g x1puaddy Ul pagIasap si a1npadoid [|ng 8y} ‘SaYewIIsa Jo uonNgLIsIp 0gade|d ay} 0} SaYewWIIsa anJy no asedwod
pue ‘sjuawyeas) ogaoe|d ubisse 0} 8INPaoo.d UOIIRZILIOPUEY [N INO UNJ-31 8M UDIYM U ‘30U3.84Ul UONRZILIOPUR] BIA PaJRINDJed dJe (G pue 'y '€ ‘Z SuWnjod Jo yoea ut) sanjea-d ||y ‘[enba aJe & pue € SuWnjod Ul SIU3Io14309
au3 Jey} 1583 3y} wody anfen-d sy spodal G UWN|OD “IXa} Urel ay ul Z uorenba up *Aj9Anoadsal 'z elag pue T elag Sjualolyyaod ‘auljased Je ssansip [ealofojoyaksd pey [enpiaipul 3y} Jayiaym ynm pajoessiul wesboud

189 a8y} 03Ul paziwopues Buiag J0 SUOHIRIBIUI pue SSaISIP [e9160]0yaAsd auljaseq J0) sajgerien AWwnp e 3pnjaul YoIym ‘SUOIRAISS]O /8/'9 PUB 8/ /9 USaMIag YIM UOIRDI10ads 3|BUlS € oIy a1e p-€ SUWn|joD 10y MoJ
yor3 'SUOIJeAIds]O /Zg'/ PUB 8TZ' L U9aMmiag Surejuod uolssaifial Yores ‘1xa) Urew ay) ul T uoienba ul T e1ag JUalola0d ‘109443 JUSLLIeal} Jeal | 0} UoKUaju| 8y} Buizewnisa uomealy10ads ajbuls e Wodj si Z uwnjod Ul |39 ydeg

[eog 0] [98g°0] [e00°0] [000°0]
910 80 9e'0 6L'G
[¥81°0] [28T°0] [000°0] [000°0]
220 Sv0 770 80°€
[o6T°0] [szz 0] [000°0] [000°0]
60°0 020 020 000
[sT270] [¥59°0] [e6T70] [ozT70]
€00 900 500 000
[c0z°0] [cot 0] [¥6T°0] [eco0]
80°0 500 100 100
[ze970] [ot70] [8s0°0] [ezo0]
500 800 800 000
[¥8t°0] [652°0] [toz0] [sss°0]
800 200 €00 000
[696°0] [ozT70] [ev0r0] [zT00]
800 800 80°0 000
[z8r0] [8z0°0] [8s0°0] [s00°0]
ST0 0T'0 ZT0 000
[9es°0] [¥00°0] [To0°0] [000°0]
0z0 870 6T0 000
[e68°0] [000°0] [000°0] [000°0]
0£0 620 62°0 000
[ez9°0] [000°0] [000°0] [000°0]
620 S20 120 000
()] (%) (€ (@ 1)
(+0z
. v=e (0z > Jaisso) ssansia 19]$S9)]) SSa.151Q duljaseg ajdwes |jn4
ssa1s1 aullaseg Aq 10343 auljased ON 9I9/SS 10 81RJIBPOIN JOUIIN ‘19843 Juswieal ] sbelany UESN
Juswieal | m:ocw@oEoI .auwtm_ juswiieal | mmm\_w>< - [e2i(V[e)g]

1159 wou.y anfeA-d 190

‘1984J3 Juawieal | abelany
190

ssasIq [ejus|A auljaseg Aq AllsuabolsleH

1490

S109143 1awyeal] abelany

anjea-d 1y
SIeak G ul SnJeIS d1Wwou093 paoalold
anjea-d 1y
SNL]S 21WoU023 palioday-19s
anjea-d 1y
X3pu| sn1els 21Wouod3 Jo suondaotad
uondaoiad-J|as d1wouodl 1 |aued

anjen-d 1y

paxapu] ‘1S9 UOIdUNS SAIINIEXT
anjen-d 1y

paxapu] ‘spJsemyoeg :ueds 161Q
anjen-d 1y

paxapu| ‘splemiod :ueds ubi1q
anjen-d 1y

paxapu] ‘saoLile|A aAISsaIfold S,uaney
anjen-d 1y

xapu| uoniubod

uoniubo) :g |aued

anjen-d 1y
81095 [013U0D-4|9S
anjen-d 1y
81095 19
anjen-d 1y
8109 A2eJ14J3-}|9S pazijeiauss)
anjen-d 1y
Xapu| [|1XS [eUOIIOWa0120S
S||I4S [BUOIIOWS0IJ0S [V [dued

suondenlad 01LLOUODT PUe YIpIMpUERg - S1084J JUsWiIeal] 19D v 8|qel

26



	Introduction
	Intervention
	Cognitive Behavioral Therapy
	Counselor Characteristics and Training
	Curriculum and Program Delivery

	Research Design
	Sample Selection, Randomization and Participation Rates
	Sample Characteristics and Attrition
	Outcome Data

	Results
	Prevalence and Transition Rates of Psychological Distress
	Average Treatment Effects and Effects by Baseline Distress

	Conclusion



